
Lemma et al. Environmental Systems Research            (2022) 11:7  
https://doi.org/10.1186/s40068-022-00251-x

RESEARCH

Meteorological drought monitoring 
across the main river basins of Ethiopia using 
satellite rainfall product
Estifanos Lemma1*  , Shruti Upadhyaya2 and Raaj Ramsankaran3 

Abstract 

Background:  Drought is a recurrent phenomenon emerging from an inter-annual and intra-seasonal deficit of water 
across the atmosphere-to-aquifer continuum and these events are reported to be very severe in regions of Ethiopia. 
Availability of accurate precipitation observations significantly impacts the drought monitoring systems. These obser-
vations are scarce and sparsely distributed in countries like Ethiopia. To overcome such a problem, the use of satellite 
rainfall estimates with continuous and timely data at different spatio-temporal scales is opportune, provided their 
accuracy is well known. Among the currently available satellite rainfall products studies specifically in Ethiopia shown 
that Climate Hazard Group Infrared Precipitation with Station version 2 daily rainfall product (hereafter CHIRPSv2) has 
better performance and recommended as a valuable substitute for gauge rainfall data. Therefore, the current study 
focused on assessing the applicability of CHIRPSv2 for meteorological drought monitoring in Ethiopia. Due to the 
wide spatio-temporal variability of Ethiopia’s climate, the performance of CHIRPSv2 rainfall product for meteorological 
drought monitoring has been assessed in selected river basins (Awash, Blue Nile, Baro, Danakil, Omo and Tekeze) of 
Ethiopia. For drought estimations, two well-known meteorological drought indices such as Effective Drought Index 
(EDI) and the Standardized Precipitation Index (SPI) have been utilized.

Result:  The obtained results show that the CHIRPSv2 based EDI and SPI are able to identify all the historical drought 
events reported between 1982 and 2016 (such as 1984, 1992, 2003, 2009, 2011, 2012, and 2015). The time series 
plots of EDI and SPI values show that most of the drought events in the selected river basins occurred during their 
corresponding main and smaller rainy months. Detailed spatio-temporal investigations of the two worst drought 
years (1984 and 2011) and one drought-free year (2007) show that both the EDI and SPI could enable to identify the 
drought and drought-free areas correctly when compared with the available recorded historical droughts (RHD) 
across each river basin. Similarly, the temporal trends of EDI and SPI identified drought shows that frequency and 
severity of drought were higher during 1980s and 2000s than 1990s.

Conclusions:  Such good agreement between the identified drought and historical drought indicates that CHIRPSv2 
is a promising rainfall dataset, which could be used to develop drought monitoring and early warning system across 
different river basins of Ethiopia. Besides, the study helps to provide useful information for decision makers to implement 
different adaptation and mitigation measures of drought in the study area. The finding also will support to improve the 
existing drought monitoring and early warning system and to build resilience to drought at the river basin level.
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Introduction
Drought is a recurrent phenomenon emerging from an 
inter-annual and intra-seasonal deficit of water across the 
atmosphere-to-aquifer continuum. In arid and semi-arid 
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regions, however, its recurrence and effects are often 
more pronounced (Singh 2003). Among all-natural dis-
asters, drought is a complex phenomenon that can cover 
a large geographic area and cause great damage (Masih 
et  al. 2014; Suryabhagavan 2017). Definition of drought 
is region-specific, however, generally, it is defined using 
several variables such as physical, biological, and socio-
economic characteristics (Zeleke et  al. 2017; Wayne 
1965). However, in all climatic regions’ drought origi-
nates from a deficiency of precipitation over an extended 
period, usually a season or more (Zeleke et  al. 2017; 
McKee et al. 1993). Due to erratic rainfall characteristics, 
drought has severely impacted East African countries 
(Bayissa et  al. 2017) and in particular, Ethiopia records 
large scale droughts since the mid-1980s (Gidey et  al. 
2011).

As reported by Bayissa et al. (2015) over the past four 
decades many severe droughts have occurred in Ethiopia 
and due to that, over six million people suffered. Among 
these, the worst drought occurred from 1983 to 1985 
with impacts throughout the country. Recently, simi-
lar severe drought events have occurred in most parts 
of Ethiopia in 2009, 2011 2012, 2014, and 2015 (Bay-
issa et  al. 2015; Suryabhagavan 2017; EM-DAT 2017). 
About a century ago, the frequency of drought occur-
rence in the country was once every 10  years but, at 
present drought has become more frequent (occurring 
once every 2–3 years) (Gidey et al. 2011; Gizachew and 
Suryabhagavan 2014; Eshetie et al. 2016). Ethiopia being 
an agriculture-dependent country, these drought events 
have a substantial impact on the economy as well as on 
the livelihood of the majority of the agrarian community. 
Drought is commonly classified into several types: mete-
orological, agricultural, hydrological, and socioeconomic 
drought (Mishra and Singh 2010; Zhong et  al. 2019). 
Among these, meteorological drought (simple absence/
deficit of rainfall from the long-term average) is the first 
to occur whereas other droughts are its consequences 
(Lemma et  al. 2017; Senamaw and Addisu 2021). Thus, 
the current study focuses on meteorological drought 
monitoring.

Precipitation is one of the primary variables for mete-
orological drought monitoring and is generally obtained 
from a ground network of rain gauges. However, the 
gauge networks are sparsely distributed across develop-
ing countries such as Ethiopia (Haile et al. 2013). As an 
alternate source, satellite, and re-analysis precipitation 
products provide near-global precipitation estimates at 
higher spatial and temporal resolution (Upadhyaya and 
Ramsankaran 2016). However, most of the satellite rain-
fall products are subjected to errors due to characteristics 
of remotely sensed datasets and underlying assump-
tions in retrieval algorithms. Therefore, evaluating the 

performance of each rainfall product before their use 
for meteorological drought monitoring is vital to have 
some level of guarantee (Diro et al. 2009; Maidment et al. 
2014). Recently Lemma et  al. (2019) evaluated several 
satellite and re-analysis precipitation products across 
Ethiopia. The authors compared five selected satellite 
rainfall estimates (ARC2, CMORPH, TAMSAT, TRMM 
and CHIRPSv2) and two reanalyses rainfall data (CFSR 
and ERA) with the ground based weather station rain-
fall data across the different rainfall regimes of Ethiopia 
which encompasses the six main river basins (Awash, 
Blue Nile, Baro, Danakil, Omo and Tekeze). The obtained 
evaluation results indicate that among the tested satellite 
and reanalysis rainfall products, the CHIRPSv2 rainfall 
product performs best across all rainfall regimes. Con-
sidering its best performance, a longer period of obser-
vations (starting from 1981 to present, > 35  years) and 
accuracy, Lemma et  al. (2019) recommended Climate 
Hazard infrared precipitation station data (CHIRPSv2) 
for drought monitoring studies. CHIRPSv2 rainfall prod-
uct was also evaluated at different parts of the world (for 
example; in Northeast Brazil (Paredes-Trejo et al. 2017), 
in West Africa, Burkina Faso (Dembélé and Zwart 2016), 
in China, Haihe River Basin and Mekong Basin (Gao 
et al. 2018; Hao et al. 2017), in Mozambique (Tote et al. 
2015), in East Africa (Kimani et al. 2017) and other stud-
ies in Ethiopia (Funk et  al. 2015; Dinku 2016; Bayissa 
et al. 2017; Ayehu et al. 2018). The overall findings of the 
mentioned studies indicate that CHIRPSv2 can be used 
as a valuable substitute for gauge rainfall data. Therefore, 
the overall objective of this study was to evaluate the 
potential of the CHIRPSv2 product for drought monitor-
ing studies across the main river basins of Ethiopia.

To quantify, characterize and monitor drought events, 
various drought indices have been developed, however 
all of them have their specific strength and weakness 
(Mishra and Singh 2010; Dai 2011; Park and Kim 2014; 
Xu et  al. 2015; Jain et  al. 2015). Besides, describing the 
details of each index is not the main aim of this study. 
Some of these drought indices include; the Standard-
ized precipitation index (SPI; McKee et  al. 1993), Effec-
tive drought index (EDI; Byun and Wilhite 1999), Palmer 
drought severity index (PDSI; Wayne 1965), Modified 
perpendicular drought index (MPDI; Ghulam et al 2007), 
Rainfall anomaly index (RAI; van Rooy 1965), Deciles 
(Gibbs and Maher 1967), Crop moisture index (CMI; 
Palmer 1968), the soil moisture drought index (SMDI; 
Hollinger et  al. 1993) and crop-specific drought index 
(CSDI; Meyer et al. 1993), and Surface water supply index 
(SWSI; Shafer et al. 1982). Among these various drought 
indices, EDI and SPI were chosen in this study. Here 
EDI was chosen due to its unique ability of considering 
the substantial amount of water resources generated by 
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rainfall that occurred many months ago which may have 
already been lost due to outflow and evaporation than 
all of the existing drought indices (Byun and Wilhite 
1999). EDI has already been tested across many regions 
of the world and uses precipitation as a single input, and 
also it is simple but effective to monitor meteorological 
droughts as compared to other complex indices (Byun 
and Wilhite 1999; Lweendo et  al. 2017). Similarly, SPI 
was chosen because the World Meteorological Organiza-
tion has recommended it as a standard index to be used 
throughout the world (Svoboda and Fuchs 2016). More-
over, it also requires only one input i.e. rainfall. Several 
previous studies conducted across different parts of Ethi-
opia have also reported that the SPI index can be reliably 
used for drought assessment. For example, Bayissa et al. 
(2015) at Upper Blue Nile, Suryabhagavan (2017) across 
different zones of Ethiopia, Viste et  al. (2013) across 
entire Ethiopia, Gebrehiwot et  al. (2011) at the north-
ern highlands of Ethiopia, Edossa et al. (2010) at Awash 
River basin and Gidey et al. (2018) in Raya and its envi-
rons. Another main reason behind choosing two indices 
is to ascertain whether the deviation of the results w.r.t. 
observed/recorded drought events are due to rainfall data 
or due to the chosen drought indices, which otherwise 
may not be possible if we use only one drought index.

Considering all these facts, with a futuristic aim of 
developing a simple and effective national level drought 
monitoring system for Ethiopia using remotely sensed 
rainfall products, this study attempts to assess the 

potential of CHIRPSv2 daily satellite rainfall product 
using EDI and SPI indices by investigating historical 
droughts across the main river basins in Ethiopia.

Materials and methods
Description of the study area
Ethiopia lies in the north-eastern part of Africa between 
3° N to 15° N and 33° E to 48° E. The complex topo-
graphical features of Ethiopia consist of rugged and high 
mountains, deep gorges with rolling plains, rivers and 
flat-topped plateaus. Elevation of the study area ranges 
from below sea level (− 152 m) in the northeast part of 
the country, particularly around Danakil depression, to 
4600 m above sea level in the northern mountainous part 
of the country (Mount Ras Dashin). Ethiopia has 12 river 
basins; however, the major river basins are nine such as 
Awash, Blue Nile, Baro, Danakil basin, Genale, Omo, Rift 
valley, Shebelle, and Tekeze (Fig.  1) having different cli-
mate, topography, vegetation and rainfall distribution. 
According to the Ministry of Water Resources (MoWR) 
of Ethiopia, the total mean annual flow from all these 
river basins is estimated to be 122 billion m3 (MoWR 
1999). River flow and volume throughout Ethiopia is 
highly seasonal, with far-reaching implications for water 
accessibility, ecosystems, drought, and flooding.

Seasons, rainfall regimes and river basins of Ethiopia
Due to the spatio-temporal variability of rainfall in Ethio-
pia, rainfall periods are classified as main rainy season, 

Fig.1  Location map of the study area showing African countries, Ethiopia and major river basins of Ethiopia
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smaller rainy season, and dry season (Diro et  al. 2009; 
Romilly and Gebremichael 2011). In general, the main 
rainy season covers from June to September. Whereas, 
smaller rainy season covers February to May and the 
third season is the dry season which covers from Octo-
ber to January. These three rainfall seasons are locally 
known as Kiremt, Belg and Bega respectively (Seleshi 
and Zanke 2004). The main rainy season contributes 
50 to 80% of the total rainfall in Ethiopia (Gebere et  al. 
2015). However, the seasonal period varies across differ-
ent rainfall regimes in Ethiopia. There are three major 
rainfall regimes identified by the National Meteorologi-
cal Agency (NMA) of Ethiopia (NMA 1996). As shown 
in Fig. 1, Regime 1 encompasses the eastern and central 
parts of the country, and it has bimodal rainfall patterns 
(two rainy periods) (Lemma et al. 2017; 2019); February 
to May (Belg or smaller rainy season) and from June to 
September (Kiremt or main rainy season). Regime 2 is 
characterized by a long unimodal rainfall pattern from 
February to November (Lemma et al. 2017, 2019) and it 
encompasses the western parts of the country. Regime 
3 comprises the southeast and southern parts of the 
country and characterized by two separate rainy periods 
(bimodal rainfall patterns) from October to November 
(Short or smaller rainfall periods) and from February to 
May (long rainfall period).

Within each rainfall regime, there is more than one 
river basin. Accordingly, this study considers only river 
basins such as Tekeze, Blue Nile, Awash, Danakil, Omo, 
and Baro river basins which fall under rainfall regimes 
1 and 2 (Table 1). It shall be noted that June to Septem-
ber is the main rainfall season of rainfall regimes 1 and 
2 river basins (Tekeze, Blue Nile, Awash, Danakil, Omo, 
and Baro).

Data used
Climate hazards group infrared precipitation with station 
data version 2 (CHIRPSv2)
CHIRPSv2 is a quasi-global (50° N to 50° S) precipitation 
product developed by the US Geological Survey (USGS) 
and the Climate Hazards Centre (CHC) at the University 
of California, Santa Barbara. It provides estimates at a 
spatial resolution of 0.05° × 0.05° for more than 30 years 
i.e. from 1981–present with a latency period of 3 weeks 
(Funk et  al. 2015). CHIRPS was specifically developed 
for climatological and drought monitoring applica-
tions in-particular to support the United States Agency 

for International Development Famine Early Warning 
Systems Network (FEWS NET) (Funk et al. 2015). Funk 
et al. (2015) highlight that CHIRPS fills the major gap for 
such applications by providing data for longer period and 
shorter latency. CHIRPS combine satellite only product 
(CHIRP) with climatology precipitation product (CHP-
clim) and station precipitation using a novel blending 
approach. Further details of the CHIRPSv2 rainfall prod-
uct can be found in Funk et  al (2015). In this study, we 
have obtained CHIRPSv2 daily rainfall product from 
http://​chg.​geog.​ucsb.​edu/​data/​chirps/ for the period 
1981 to 2016.

Historical drought records
The historical drought information across Ethiopia for 
the present study is obtained from the Emergency Events 
Database (EM-DAT) at the Universite Catholique de 
Louvain, www.​emdat.​be. EM-DAT has a record of all 
types of natural disasters that occurred throughout the 
world. Various studies approved that several droughts 
have occurred across Ethiopia from 1983 to 2012 which 
is well-matched with the EM-DAT drought record (Sury-
abhagavan 2017; Lemma et al. 2017; Bayissa et al. 2017). 
The details of the historical drought events are given in 
Table 2. These historical drought records have been used 
for validation and inter-comparison purposes. It can 
be observed from Table  2 that the historical drought-
affected regions are recorded at district, zonal, and state 
level, however, this study attempts at the river basin level. 
Therefore, for the sake of validation, the drought-affected 
regions are mapped with respect to the river basin they 
fall in as indicated in column 4 of Table 2.

Methodology
The general framework adopted for meteorological 
drought assessment using CHIRPSv2-based EDI and SPI 
drought indices across the main river basins of Ethiopia 
is shown in Fig.  2. In this study, the CHIRPSv2-based 
meteorological drought was assessed using monthly EDI 
and monthly SPI. Monthly scale drought assessment has 
been carried out to identify and indicate the onset and 
termination (cessation) of drought events. To provide 
a complete picture, temporal and spatial patterns of the 
identified drought events were analyzed for the entire 
study period (1982 to 2016). For validation, the recorded 
historical droughts (hereafter RHD) were used (Table 2). 
However, for a detailed analysis of the obtained results, 

Table 1  Name of main river basins and rainfall regimes of the area

Name of river basin Rainfall regime Main rainy season Smaller rainy season

Awash, Baro, Blue Nile, Danakil, Omo and Tekeze Regimes 1 and 2 June to September February to May

http://chg.geog.ucsb.edu/data/chirps/
http://www.emdat.be
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the results of the main and smaller rainfall seasons of two 
RHD years (1984 and 2011) and one non-drought year 
(2007) were selected. The 1984 and 2011 drought years 
were chosen because they are among the worst drought 
years in Ethiopia where many people were affected and 
it swept almost all regions of the country including those 
that were drought-free in the past (EM-DAT 2017). 
Whereas, the reason for considering non-drought (2007) 

year is to check whether CHIRPSv2-based EDI and SPI 
produce false positive or not. The historical drought 
maps were developed using licensed ArcGIS 10.1 soft-
ware and Matlab software from the tabular data of the 
EM-DAT emergency events database (EM-DAT 2017).

It shall be noted that an inter-comparison of EDI and 
SPI performance is not the aim of this study. Rather, 
the interest (as mentioned in Introduction section) is to 
check the performance of CHIRPSv2 daily rainfall prod-
uct for meteorological drought monitoring at the river 
basin level.

Effective Drought Index (EDI)
EDI has been selected for its unique ability to consider 
the substantial amount of water resources generated by 
rainfall that occurred many months ago which may have 
already been lost due to outflow and evaporation (Byun 
and Wilhite 1999). It was developed by Byun and Wil-
hite (1999) with a new concept of effective precipitation 
(EP). EP is the accumulation of the parts of precipitation 
of certain days before estimation time, which affects the 
available water resources at the estimation time (e.g., 
rainfall of 3 days prior to the present day can affect soil 
moisture of present-day). It is calculated by summing 
precipitation over time, considering the loss of rainfall 
due to runoff or evaporation over time (Byun and Wilhite 

Table 2  Recorded Historical Droughts in Ethiopia ( Source: EM-DAT: www.​emdat.​be 2017)

Starting 
month/
year

Ending month/year Drought-affected areas of Ethiopia River basins Total number of 
affected people

05/1983 12/1984 Wollo, Gondar, Gore, Tigray, Shoa, Harerge, 
Sidamo

All river basins 7,750,000

06/1987 12/1987 Ogaden, Eritrea, Tigray, Wello, Shewa, Gama, 
Gofa, Sidamo, Gondar, Bale

Danakil, Tekeze, Blue Nile, Awash, Rift valley, 
Genale, and Shebelle

7,000,000

10/1989 12/1992 Northern Ethiopia, Eritrea, Tigray, Wollo, 
Gondar, Harerge

Tekeze, Blue Nile, Awash, Danakil, Omo and 
Baro river basin

6,500,000

02/1997 12/1997 Borena, Bale (Oromiya state) South Omo zone, 
the Somali state

Rift valley, Genale, and Shebelle N/A

09/1999 12/2000 Oromia, Amhara, Tigray Beneshangul Gumuz, 
Gambella, SNNPR, Somali provinces

All river basins 4,900,000

01/2003 12/2004 Tigray, Oromia, Amhara, Somali, Afar provinces All river basins 12,600,000

11/2005 12/2006 Afder, Liben districts (Somali province), Gode 
zones (Shabelle district, Somali province), 
Borena district (Oromiya province)

Rift valley, Genale, and Shebelle N/A

05/2008 12/2008 Oromia, Somali, Amhara, Afar, Tigray, SNNPR 
provinces

Rift valley, Genale, and Shebelle 6,400,000

01/2009 12/2009 Afar, part of Amhara, part of SNNP, Gambela 
provinces, Oromia, Somali and Tigray

Tekeze, Blue Nile, Awash, Danakil, Omo, Genale 
and Shebele

6,200,000

01/2010 10/2010 Afar, part of Tigray, part of Amhara, part of 
SNNP, Gambela provinces and part of Oromia

Tekeze, Blue Nile, Awash, Danakil,and Omo 
river basin

N/A

01/2011 12/2011 Somali, Oromia, Afar, Tigray, Amhara provinces All river basins 4,805,679

01/2012 01/2012 Somali, Oromia, Afar, Tigray, Amhara provinces All river basins 1,000,000

09/2015 01/2016 Somali, Afar provinces Rift valley, Genale, and Shebelle 10,200,000

Fig. 2  The general framework adopted for meteorological drought 
assessment using CHIRPSv2 based EDI and SPI indices across the 
main river basins of Ethiopia

http://www.emdat.be
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1999). To compute the severity and duration of drought 
events for each river basin in Ethiopia and considering 
the fact that the impact of drought at daily time scale is 
minimal, the monthly time scale EP has been used in this 
study.

The steps involved in the calculation of EDI are as fol-
lows: (i) Calculate the monthly EP. (ii) Calculate the 
30-year mean EP (MEP) for each month. (iii) Calculate 
the deviations from the mean (DEP), which is the differ-
ence between the EP and MEP. (iv) Divide the DEP for 
each month by the standard deviation of DEP over the 
past 30 years. Thus, the first step in the calculation of EDI 
is to calculate EP. If Pi is rainfall ‘m–1’ months before the 
current month and N is the duration of the preceding 
period, then effective precipitation for the current month 
(EPj) is given as;

For example, if N = 3 then EP = P1 + (P1 + P2)/2 + (P1 + 
P2 + P3)/3, where P1, P2, and P3 are rainfall during the cur-
rent month, previous month and 2 months before respec-
tively. In the present study, the duration of the preceding 
period “N” was 12 (the rainfall value of the last 12 months 
is considered). Secondly, the average and standard devia-
tion of EP values for each month were calculated and 
then the EP value of each month is converted to DEP as 
follows:

Where, DEPj is deviations of EP “j” month at a particular 
year from the long-term mean EP ( EPj  ). When DEP is 
represented by a negative number it signifies that the “j” 
month at that specific year is drier than the average, and 
while DEP is represented by a positive number it signifies 
that the “j” month at that specific year is wetter than the 
average. Finally, the EDI can be calculated as,

Where; SD is the standard deviation of DEP. As suggested 
by Byun and Wilhite (1999) the obtained monthly EDI 
values are then categorized into different drought sever-
ity categories which are similar to the SPI drought sever-
ity category shown in Table 3.

Standardized Precipitation Index (SPI)
To increase the confidence level of CHIRPSv2 rainfall 
product applicability for drought monitoring, SPI was 
also utilized. SPI can be calculated using monthly time-
scale at several time intervals (normally 1–48  months) 
by accumulating precipitation records before the 

(1)EPj =

∑N

m=1

[(

m
∑

i=1

Pi

)

/m

]

(2)DEPj = EPj − EPj(MEP)

(3)EDI = DEP/SD(DEP)

standardized procedure, to represent short and long-
term drought events (McKee et  al. 1993). For example, 
the SPI with a time interval of one month (the so-called 
SPI-1) represents monthly drought, while the SPI at four-
month’ time interval (SPI-4) represents seasonal drought 
events. Accordingly, one, two, and four-monthly SPI 
values were computed for the period between 1982 and 
2016 for each grid and then averaged at each river basin 
to represent the temporal pattern of drought.

SPI index requires long-term precipitation records 
(> 30  years) and was computed based on the monthly 
precipitation totals. Most often the gamma distribu-
tion functions are found to fit the precipitation data well 
because the distribution of rainfall totals is not normally 
distributed (McKee et  al. 1993). Hence, SPI was calcu-
lated by fitting a gamma distribution function to a given 
frequency distribution of precipitation totals for a given 
time at a particular station. Then it was transformed into 
a standard normal distribution with mean zero and var-
iance of one, which is the value of SPI. As indicated in 
Table 3, the SPI values are categorized as mild, moderate, 
severe, and extreme drought. A detailed description of 
the SPI calculation can be found in McKee et al. (1993).

Results and discussion
The following sections discuss the temporal, spatial pat-
terns and trends of drought identified across the main 
river basins of Ethiopia using CHIRPSv2-based EDI and 
SPI drought indices.

EDI‑based drought assessment
EDI‑based temporal pattern of drought
Time series plots of basin-wise average monthly EDI 
for the six river basins for the period 1982 to 2016 indi-
cate that CHIRPS-based EDI can capture the droughts 
efficiently. This finding holds true for both, the smaller 
as well as the main rainfall season, in each river basin. 
For example,1984, 1985, 1986, 1994, 1995, 2002, 2009, 
2011,2012, and 2015 were some of the RHD years in the 
country (Table  2). A Temporal drought analysis shows 

Table 3  SPI and EDI based category of drought severity ( Source: 
McKee et al. 1993)

SPI and EDI values Category of drought severity

1.5 and above Wet

0 <  = 1.49 Normal

0 to − 0.99 Mild drought

− 1.0 to − 1.49 Moderate drought

− 1.5 to − 1.99 Severe drought

− 2 and less Extreme drought
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that CHIRPS-based EDI is able to correctly detect the 
RHD with different severity levels either during the main 
rainfall season, smaller rainfall season, or in both seasons. 
Moreover, the study highlights the importance of doing 
river basin wise analysis as the severity of drought var-
ies from one basin to other basins at a particular year. On 
the other hand, EDI correctly identifies the year 2007 as a 
non-drought year in all the study river basins (Figs. 3 and 
4), which is in agreement with the RHD information. This 
finding also agree with the finding of Mohammed et  al. 
(2018) and Mekonen et al. (2020) who found that North 
eastern parts of Ethiopia are drought prone areas of the 
country. To have more insight into the performance, a 
detailed analysis of two historically worst drought years 
such as 1984 and 2011 and one non-drought year of 2007 
(highlighted in Figs. 3 and 4) across the six river basins is 
reported in the following sections. 

In 1984, the EDI shows negative values (EDI < 0) 
during both smaller rainfall season (Fig.  3a–d) and 
main rainfall seasons (Fig.  4a–d), indicating there was 
drought in 1984. The 1984 drought has occurred due 
to the deficit of rainfall during both rainfall seasons. 
However, the severity level of drought varies temporally 
across each river basin. On the other hand, during 2011 

the EDI show negative values (EDI < 0) during smaller 
rainfall season (Fig. 3a–d) and positive values (EDI > 0) 
during the main rainfall season (Fig. 4a–d). This implies 
that the 2011 drought has occurred only due to the def-
icit of rainfall during smaller rainfall season. Previous 
studies at different parts of the mentioned river basins 
also reported similar findings during 1984 and 2011 
(Gidey et  al. 2011; Suryabhagavan 2017; Bayissa et  al. 
2017). In both the RHD years of 1984 and 2011, spe-
cifically during the main rainfall season, the EDI values 
indicate moderate to severe drought at Awash, Danakil, 
and Tekeze river basins. This is understandable because 
these river basins are usually drought-prone areas 
(rainfall deficit areas) of the country and previous stud-
ies also categorized them as drought-prone areas of the 
country (Gidey et al. 2011; Bayissa et al. 2017). In addi-
tion, the 1984 drought has started in February 1984 and 
ended in April 1985. However, the 2011 drought has 
started in February 2011 and ended in May of the same 
year 2011.

In 2007, during the main rainfall season (Fig.  3a–d) 
except for Danakil (shows mild drought during June) 
as well as during the smaller rainfall season (Fig.  4a–d) 
except for Awash and Danakil (show mild drought from 

Fig. 3  Time series plots of basin-wide EDI values during smaller rainfall months (a–d) between 1982 and 2016
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March to May), the EDI shows positive values (EDI > 0), 
indicating there was no drought.

EDI‑based spatial pattern of drought
The temporal drought analysis represents only the aver-
age situations at each river basin; however, there is large 
variability within a basin. Therefore, representing the 
drought severity in grid-wise would be significant to 
study the spatial extents of drought severity. The obtained 
results (not shown here) for the early twenty-first cen-
tury i.e. from 2000 to 2016 indicated that EDI detected 
correctly the spatial extent of the recorded historical 
droughts. However, for illustration purpose a detailed 
spatial assessment has been done only for the two histori-
cally worst drought years of 1984 and 2011 as well as one 
non-drought year of 2007 was reported hereunder.

Figure 5a and b show the maps of the RHDs in the six 
river basins during 1984 and 2011 respectively. All the 
selected river basins (except in the southwestern part 
of Baro, the northern part of Omo and southern tips of 
Awash and Blue Nile) were affected by the 1984 drought 
(Fig. 5a). Similarly, during 2011 (Fig. 5b) all the selected 
river basins (except Omo, Baro, and some portions of 
Blue Nile river basins) were affected by drought. The spa-
tial maps of RHD for each study year across the selected 
river basins were also developed from the available RHD 

information (Table  2). This variability within the river 
basin also confirm that climate variability and associ-
ated extreme weather events are the possible cause for 
the occurrence of drought in different parts of each river 
basin.

Figures 6 and 7 show the EDI identified spatial pattern 
of drought in the selected river basins during smaller and 
main rainy months respectively. During smaller rainy 
months of 1984, Awash, Danakil, and Tekeze river basins 
were affected by moderate to severe droughts (Fig.  6a). 
During the same year, the Blue Nile river basin is partially 
affected by moderate drought severity. Likewise, during 
the smaller rainy months of 2011, mild to severe drought 
was observed in all the selected river basins except in 
Tekeze and Blue Nile river basins. 

Similarly, during the main rainfall months of years, 
1984 (Fig.  7a) and 2011 (Fig.  7b) EDI shows varied 
drought severity classes. In 1984, the major portion of 
the Blue Nile river basin, Baro and Omo basins show no 
drought (Fig.  7a). Likewise, in 2011, a major portion of 
the Blue Nile basin, and the Tekeze river basin show no 
drought (Fig. 7b). On the other hand, a major portion of 
the Awash and Danakil river basins show severe drought 
during the main rainfall months of 1984 and 2011. These 
results confirm that the 1984 drought has occurred due 
to the deficit of rainfall during both smaller and main 

Fig. 4  Time series plots of basin-wide EDI values during main rainfall months (a–d) between 1982 and 2016
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rainfall seasons, whereas in 2011 drought has occurred 
only due to the deficit of rainfall during smaller rainfall 
season. This finding coincides with the findings of pre-
vious studies at different parts of the mentioned river 
basins during 1984 and 2011 (Gidey et  al. 2011; Surya-
bhagavan 2017; Bayissa et  al. 2017). Besides, the spatial 
pattern of EDI identified drought during both smaller 
and main rainfall months of 1984 matches with the RHD 
maps of the selected river basins (Fig.  5a). Whereas 
in 2011, the spatial pattern of EDI identified drought 
matches with its corresponding RHD maps (Fig. 5b) only 
during smaller rainfall months. It indicates there is a dis-
crepancy between the yearly RHD maps (Fig. 5b) and the 
monthly EDI identified drought patterns during the main 
rainfall seasons of 2011 (Fig.  7b). It is observed that in 
these two drought years, the drought severity is higher at 
Awash, Danakil, and Tekeze river basins. This is plausi-
ble because these river basins are usually drought-prone 
areas of the country and previous studies also identi-
fied as a drought-prone area of the country (Gidey et al. 
2011; Viste et al. 2013; Bayissa et al. 2017; Suryabhagavan 
2017).

On the other hand, as represented in Figs.  6c and 
7c, during smaller and main rainfall months, the 2007 

drought-free year is well captured by EDI except in some 
pocket areas (which shows only a mild drought) of the 
selected river basins. Hence, it can be concluded that 
CHIRPSv2 based EDI clearly identified both drought and 
non-drought years in the selected river basins.

SPI‑based drought assessment
Temporal pattern of SPI identified drought
Here the seasonal SPI at two and four monthly inter-
vals have been used to capture the drought events. This 
is because, at shorter time intervals (monthly SPI), the 
SPI values tend to fluctuate frequently above and below 
the zero-line depending on the monthly rainfall fluc-
tuation (Ionita et al. 2016; Trenberth et al. 2014; McKee 
et al. 1993). Hence, the main and smaller rainfall months 
of the selected river basins drought was calculated using 
four months’ time interval SPI (further referred to as SPI-
4). Therefore, here only seasonal SPI (SPI-4) based tem-
poral drought assessment results were reported. Also, 
the discussions are restricted to the two reported worst 
historical drought years of 1984 and 2011 as well as one 
non-drought year (2007) (highlighted in the figures) in 
the selected river basins. Figure 8a and b show the sea-
sonal time series plots of SPI values in selected river 

Fig. 5  Spatial pattern of the RHD in the selected river basins during (a) 1984 and (b) 2011. (Data source: www.​emdat.​be, developed from Table 2)

http://www.emdat.be
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Fig. 6  Spatial pattern of monthly EDI values in selected river basins during smaller rainfall months in (a) 1984 drought year (b) 2011 drought year 
and (c) 2007 non-drought year

Fig. 7  Spatial pattern of the monthly EDI values in the selected river basins during main rainfall months in (a) 1984 drought year (b) 2011 drought 
year and (c) 2007 non-drought year
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basins during smaller and main rainfall seasons respec-
tively. In 1984, during smaller rainfall season (Fig. 8a) and 
the main rainfall season (Fig.  8b), SPI was able to cor-
rectly detect the RHDs as reported in Table 2.

However, in 2011 during the smaller rainy season 
(Fig.  8a) except in Awash and Danakil river basins and 
during the main rainfall season (Fig.  8b) except in the 
Tekeze river basin drought was not captured by SPI. 
Whereas, in 2007 during both smaller and main rainfall 
season SPI showed no drought. Overall, the obtained 
results indicate that the temporal pattern of SPI identi-
fied droughts during smaller and main rainy seasons of 
1984, 2007, and 2011 agrees with the temporal pattern 
of EDI identified droughts of the same years. In addi-
tion, this study agreed with the findings of Mekonen et al. 
(2020) that stated drought tends to be more frequent and 
more severe in main rainfall season in north east high-
land of Ethiopia.

Spatial pattern of SPI identified drought
Figure  9a–f show that SPI identified spatial pattern of 
drought in the selected river basins during smaller and 
main rainfall seasons of 1984 and 2011 as well as for 2007 
drought-free year. Mild to extremely severe drought was 
observed by SPI at Awash, Danakil, and Tekeze during the 

smaller rainy season (Fig.  9a) and main rainfall seasons 
(Fig. 9b) of 1984. Whereas in 2011 mild to severe drought 
was observed in most of the regions of the selected river 
basins during the smaller rainy season (Fig.  9c). These 
results are clearly in line with RHD maps (Fig. 5a–b) and 
correlate well with the EDI identified drought patterns in 
the selected river basins (Figs. 6 and 7).

Likewise, as shown in Fig. 9e and f, the year 2007 was 
identified as drought-free year except in some pocket 
areas (such as Awash, Danakil, and Tekeze) which shows 
mild drought, particularly during the smaller rainfall sea-
son (Fig. 9e). Similar to CHIRPSv2 based EDI, CHIRPSv2 
based SPI clearly identified both drought and non-
drought years in the selected river basins.

Temporal trends of EDI and SPI identified drought
In this section the temporal trends of the detected 
droughts across each river basin using both EDI and SPI 
were described. Figure  10a–f illustrates the time series/
trend of EDI and SPI-4 across the main river basins of 
Ethiopia for the period 1981 to 2016. As indicated on the 
trend plot the two drought indices (SPI and EDI) show a 
positive association and both of them detected most of 
the RHDs such as 82, 84, 88, 91, 92, 94, 2003, 2005, 2008, 
2010, 2011, 2012, 2013, 2014 and 2015, however with 

Fig. 8  Time series plot of basin-wide SPI values between 1982 and 2016 during (a) smaller rainfall season and (b) main rainfall season
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different severity level, while in the other years positive 
EDI and SPI values were observed which indicate non-
drought years. As seen in Fig. 10a–f, the frequency and 
severity of drought were higher during the 1980th and 
2000th, while during the 1990th it seems less frequent 
and severe. Studies by Senamaw and Addisu (2021) also 
confirm that the drought will increase at an alarming rate 
due to climate change for the future in North eastern part 
of the country.

In almost all river basins both indices detected maxi-
mum severity during 1984/85, 1991/92, 2003, 2013 and 
2014. Indeed, these years were among the worst drought 
years in the history of Ethiopia (Bayissa et al. 2015; Edossa 
et al. 2010; Yisehak et al. 2021). Many studies also show 
that severe drought have been occurred in these years 
and caused substantial damage in terms of life and eco-
nomic losses (Edossa et al. 2010; Gebrehiwot et al. 2011; 
Bayissa et al. 2015; Yisehak et al. 2021). However, among 
the mentioned river basins Denakil, Awash and Tekeze 
were frequently strikes by meteorological drought. The 
current study coincides with Gidey et  al. (2018) on the 
increasing frequencies and persistence of drought. Their 

findings stated that drought frequencies, durations, and 
severity are higher in the lowland area than in the mid 
and highlands during the last 15  years. Besides, this 
result also coincides with the work of Lemma et al. (2017) 
across rainfall regime 1 and 2 of Ethiopia.

Conclusions
This study presents an assessment of the potential of 
CHIRPSv2 satellite rainfall product for meteorologi-
cal drought monitoring across the selected river basins 
of Ethiopia (Awash, Blue Nile, Baro, Danakil, Omo and 
Tekeze) using two drought indices i.e. EDI and SPI. The 
recorded historical droughts (RHDs) collected from 
EM-DAT for the periods starting from 1982 to 2016 
are used as reference data. Accordingly, the CHIRPSv2 
based monthly EDI and seasonal SPI (SPI-4) identified 
droughts were compared with the RHDs. The monthly 
and seasonal time series patterns of drought, particu-
larly during main and smaller rainy months show that 
most of the RHDs such as 1984, 1992, 2003, 2009, 2011, 
2012, and 2015 are generally detected by both drought 
indices. Both the temporal and spatial analysis shows 

Fig. 9  Spatial pattern of seasonal SPI values in the selected river basins in 1984 and 2011 drought years and 2007 (drought-free year) during the 
smaller rainy season (a, c and e) and main rainy season (b, d and f)
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that CHIRPSv2 rainfall product-based monthly EDI and 
seasonal SPI detected the RHD years, however, with dif-
ferent severity levels (mild, moderate, and severe) at each 
river basin. Considering the results of time series based 
comparisons, it can be said that the EDI vs SPI-4 are the 
most preferred drought indices for the main river basins.

The grid-wise spatial analysis of drought in each river 
basin highlights the importance of this study because 
it captures the spatial variations and identifies patterns 
of drought within a river basin. Besides, the monthly 
temporal drought pattern analysis also indicates the 
starting and cessation of drought occurrences across 
each river basin. The results show that both monthly 
EDI and seasonal SPI identified that some of the basins 
such as Awash, Tekeze, and Danakil river basins are 
frequently drought-affected areas of the country. These 
results are also in the agreement with few previous 
studies, where they stated that the most frequently 
drought-affected parts of Ethiopia are the southern, 
southeastern, and northeastern parts of the country. 
In general, the good agreement of CHIRPSv2 based 
monthly EDI and seasonal SPI identified drought with 
the RHD indicates that CHIRPSv2 could be a promising 

dataset for drought monitoring across different river 
basins of Ethiopia. Therefore, the CHIRPSv2 rainfall 
product could be a worthwhile solution to identify 
drought occurrences and to develop high-resolution 
drought monitoring and early warning system across 
the river basins of Ethiopia. Besides, the study helps 
to provide useful information for decision makers to 
implement different adaptation and mitigation meas-
ures of drought across the main river basins. The find-
ing also will support to improve the existing drought 
monitoring and early warning system and to build resil-
ience to drought at the river basin level. Further study 
also needed to find the cause and impacts of drought at 
smaller catchment levels.

Abbreviations
PDSI: Palmer Drought Severity Index; MPDI: Modified Perpendicular Drought 
Index; RAI: Rainfall Anomaly Index; CMI: Crop Moisture Index; SMDI: Soil Mois-
ture Drought Index; CSDI: Crop-Specific Drought Index; SWSI: Surface Water 
Supply Index; MoWR: Ministry of Water Resources; FEWS NET: Famine Early 
Warning Systems Network; EDI: Effective Drought Index; SPI: Standardized Pre-
cipitation Index; CHIRPSv2: Climate Hazard Group Infrared Precipitation with 
Station version 2; RHDs: Recorded historical droughts; EM-DAT: Emergency 
Events Database; DEP: Deviation effective precipitation; EP: Effective precipita-
tion; MEP: Mean effective precipitation; USGS: United States Geological Survey; 

Fig. 10  Temporal trends of monthly EDI and SPI-4 identified drought across the main river basins of Ethiopia a) Awash b) Baro c) Blue Nile d) 
Denakil e) Omo f) Tekeze



Page 14 of 15Lemma et al. Environmental Systems Research            (2022) 11:7 

CHC: Climate Hazards Centre; CHPclim: Climatology precipitation product; 
NMAE: National Meteorological Agency of Ethiopia.

Acknowledgements
Estifanos Lemma acknowledges the financial support provided by the Ethio-
pian Ministry of Education to carry out this research. All the authors thank the 
National Meteorological Agency of Ethiopia for providing us monthly rainfall 
data free of charge. We also acknowledge the developers of Climate Hazard 
Group Infrared Precipitation with Station version 2 (CHIRPSv2) rainfall product 
for providing us the datasets free of charge. We thank the Emergency Events 
Database—Universite Catholique de Louvain (UCL)—CRED, D. Guha-Sapir for 
giving us the historical drought information.

Authors’ contributions
EL was responsible for all activities of the research process such as the method 
selection, data compilation, entry, data analysis, and interpretation of the 
results as well as writing up of the manuscript. SU and RR were also involved in 
improving the quality of the manuscript by providing constructive guidance, 
critical comments and suggestions on the data analysis, interpretation and 
manuscript writings. All authors read and approved the final manuscript.

Funding
The study was financially supported by Ethiopian Ministry of Education.

Availability of data and materials
The datasets used and/or analysed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
Not applicable.

Consent for publication
All authors read the manuscript and agreed to publication.

Competing interests
The authors declare that they have no conflict of interests.

Author details
1 Department of Natural Resource Management, College of Agriculture, Debre 
Berhan University, 445 Debre Berhan, Ethiopia. 2 Advanced Radar Research 
Center, University of Oklahoma, Norman, USA. 3 Department of Civil Engineer-
ing, Indian Institute of Technology Bombay, Powai, Mumbai 400076, India. 

Received: 30 December 2021   Accepted: 18 March 2022

References
Ayehu GT, Tadesse T, Gessesse B, Dinku T (2018) Validation of new satellite 

rainfall products over the Upper Blue Nile Basin, Ethiopia. Atmos Meas 
Tech 11:1921–1936. https://​doi.​org/​10.​5194/​amt-​11-​1921-​2018

Bayissa Y, Moges S, Xuan Y, Van Andel S, Maskey S, Solomatine D, Griensven A, 
Tadesse T (2015) Spatiotemporal assessment of meteorological drought 
under the influence of varying record length: the case of Upper Blue Nile 
Basin, Ethiopia. Hydrol Sci J 60(11):1927–1942. https://​doi.​org/​10.​1080/​
02626​667.​2015.​10322​91

Bayissa Y, Tadesse T, Demisse G, Shiferaw A (2017) Evaluation of satellite-based 
rainfall estimates and application to monitor meteorological drought for 
the Upper Blue Nile Basin, Ethiopia. Rem Sens 9(7):669. https://​doi.​org/​10.​
3390/​rs907​0669

Byun HR, Wilhite DA (1999) Objective quantification of drought severity and 
duration. Am Meteor Soc 12:2747–2756. https://​doi.​org/​10.​1175/​15200​
442(1999)​012%​3c2747:​OQODSA%​3e2.0.​CO;2

Dai AG (2011) Drought under global warming: a review. Wiley Interdisciplinary 
Rev Clim Change 2:45–65. https://​doi.​org/​10.​1002/​wcc.​81

Dembélé M, Zwart SJ (2016) Evaluation and comparison of satellite-based 
rainfall products in Burkina Faso, West Africa. Int J Rem Sens 37(17):3995–
4014. https://​doi.​org/​10.​1080/​01431​161.​2016.​12072​58

Dinku T (2016) Validation of the CHIRPS satellite rainfall estimate over East 
Africa, 8th, International Precipitation Working Group, Bologna, Italy, 3–7 
Oct 2016

Diro GT, Grimes DIF, Black E, O’Neilla A, Pardo-Iguzquizab E (2009) Evaluation 
of reanalysis rainfall estimates over Ethiopia. Int J Climatol 29(1):67–78. 
https://​doi.​org/​10.​1002/​joc.​1699

Edossa D, Babel M, Das Gupta A (2010) Drought analysis in the Awash River 
Basin, Ethiopia. Water Resour Manag 24(7):1441–1460. https://​doi.​org/​10.​
1007/​s11269-​009-​9508-0

EM-DAT (2017) The Emergency Events Database. Universite catholique de 
Louvain (UCL)—CRED, D. Guha-Sapir—www.​emdat.​be, Brussels, Belgium

Eshetie SM, Demisse GB, Suryabhagavan KV (2016) Evaluation of vegetation 
indices for agricultural drought monitoring in East Amhara, Ethiopia. Int J 
Sci Res 5(10):535–540. https://​doi.​org/​10.​15373/​22778​179

Funk C, Peterson P, Landsfeld M, Pedreros D, Verdin J, Shukla S, Husak G, 
Rowland J, Harrison L, Hoell A, Michaelsen J (2015) The climate hazards 
infrared precipitation with stations a new environmental record for moni-
toring extremes. Sci Data 2:150066. https://​doi.​org/​10.​1038/​sdata.​2015.​66

Gao F, Zhang Y, Ren X, Yunjun Y, Zengchao H, Wanyuan C (2018) Evaluation 
of CHIRPS and its application for drought monitoring over the Haihe 
River Basin, China. Nat Hazards 92(1):155–172. https://​doi.​org/​10.​1007/​
s11069-​018-​3196-0

Gebere S, Alamirew T, Merkel B, Melesse A (2015) Performance of high-resolu-
tion satellite rainfall products over data scarce parts of Eastern Ethiopia. 
Rem Sens 7(9):11639–11663. https://​doi.​org/​10.​3390/​rs709​11639

Gebrehiwot T, van der Veen A, Maathuis B (2011) Spatial and temporal assess-
ment of drought in the Northern highlands of Ethiopia. Int J Appl Earth 
Obs Geoinf 13(3):309–321. https://​doi.​org/​10.​1016/j.​jag.​2010.​12.​002

Ghulam A, Qin Q, Teyip T, Li Z (2007) Modified perpendicular drought index 
(MPDI): a real-time drought monitoring method. ISPRS J Photogramm 
Rem Sens 62:150–164. https://​doi.​org/​10.​1016/j.​isprs​jprs.​2007.​03.​002

Gibbs WJ, Maher JV (1967) Rainfall deciles as drought indicators. Bureau 
of Meteorology Bulletin 48. Commonwealth of Australia, Melbourne, 
Australia

Gidey TG, van der Veen A, Maathuis BHP (2011) Spatial and temporal assess-
ment of drought in the Northern highlands of Ethiopia. Int J Appl Earth 
Obs Geoinf 13(3):309–321. https://​doi.​org/​10.​1016/j.​jag.​2010.​12.​002

Gidey E, Dikinya O, Sebego R, Segosebe E, Zenebe A (2018) Modelling the 
spatio-temporal meteorological drought characteristics using the 
Standardized Precipitation Index (SPI) in Raya and Its Environs Northern 
Ethiopia. Earth Syst Environ. https://​doi.​org/​10.​1007/​s41748-​018-​0057-7

Gizachew L, Suryabhagavan KV (2014) Remote sensing and GIS-based 
agricultural drought assessment in East Shewa zone, Ethiopia. Trop Ecol 
55(3):349–363 (ISSN 0564-3295)

Haile AT, Habib E, Elsaadani M, Rientjes THM (2013) Inter-comparison of satel-
lite rainfall products for representing rainfall diurnal cycle over the Nile 
Basin. Int J Appl Earth Obs Geoinf 21:230–240. https://​doi.​org/​10.​1016/j.​
jag.​2012.​08.​012

Hao Z, Yuan X, Xia Y, Hao F, Singh VP (2017) An overview of drought monitor-
ing and prediction systems at regional and global scales. Bull Am Mete-
orol Soc 98(9):1879–1896. https://​doi.​org/​10.​1175/​BAMS-D-​15-​00149.1

Hollinger SE, Isard SA, Welford MR (1993) A new soil moisture drought index 
for predicting crop yields. In Proceedings of the Eighth Conference on 
Applied Climatology, Anaheim, CA, USA, 17–22 January 1993; Am Meteor 
Soc: Boston, MA, USA, pp 187–190

Ionita M, Scholz P, Chelcea S (2016) Assessment of droughts in Romania using 
the Standardized Precipitation Index. Nat Hazards 81(3):1483–1498. 
https://​doi.​org/​10.​1007/​s11069-​015-​2141-8

Jain VK, Pandey RP, Jain MK, Byun HR (2015) Comparison of drought indices for 
appraisal of drought characteristics in the Ken River Basin. Weather Clim 
Ext 8:1–11. https://​doi.​org/​10.​1016/j.​wace.​2015.​05.​002

Kimani M, Hoedjes J, Su Z (2017) An assessment of satellite-derived rainfall 
products relative to ground observations over East Africa. Rem Sens 
9:430. https://​doi.​org/​10.​3390/​rs905​0430

Lemma E, Upadhyaya S, Ramsankaran R (2019) Investigating the performance 
of satellite and reanalysis rainfall products at monthly timescales across 
different rainfall regimes of Ethiopia. Int J Rem Sens 40(10):4019–4042. 
https://​doi.​org/​10.​1080/​01431​161.​2018.​15583​73

https://doi.org/10.5194/amt-11-1921-2018
https://doi.org/10.1080/02626667.2015.1032291
https://doi.org/10.1080/02626667.2015.1032291
https://doi.org/10.3390/rs9070669
https://doi.org/10.3390/rs9070669
https://doi.org/10.1175/15200442(1999)012%3c2747:OQODSA%3e2.0.CO;2
https://doi.org/10.1175/15200442(1999)012%3c2747:OQODSA%3e2.0.CO;2
https://doi.org/10.1002/wcc.81
https://doi.org/10.1080/01431161.2016.1207258
https://doi.org/10.1002/joc.1699
https://doi.org/10.1007/s11269-009-9508-0
https://doi.org/10.1007/s11269-009-9508-0
http://www.emdat.be
https://doi.org/10.15373/22778179
https://doi.org/10.1038/sdata.2015.66
https://doi.org/10.1007/s11069-018-3196-0
https://doi.org/10.1007/s11069-018-3196-0
https://doi.org/10.3390/rs70911639
https://doi.org/10.1016/j.jag.2010.12.002
https://doi.org/10.1016/j.isprsjprs.2007.03.002
https://doi.org/10.1016/j.jag.2010.12.002
https://doi.org/10.1007/s41748-018-0057-7
https://doi.org/10.1016/j.jag.2012.08.012
https://doi.org/10.1016/j.jag.2012.08.012
https://doi.org/10.1175/BAMS-D-15-00149.1
https://doi.org/10.1007/s11069-015-2141-8
https://doi.org/10.1016/j.wace.2015.05.002
https://doi.org/10.3390/rs9050430
https://doi.org/10.1080/01431161.2018.1558373


Page 15 of 15Lemma et al. Environmental Systems Research            (2022) 11:7 	

Lemma E, Upadhyaya S, Ramsankaran R (2017) Meteorological drought moni-
toring across different rainfall regimes of Ethiopia using CHIRPSv2- rainfall 
data. 38th Asian conference on remote sensing, New Delhi, India, 23–27 
Oct 2017

Lweendo M, Lu B, Wang M, Zhang H, Xu W (2017) Characterization of droughts 
in humid subtropical region, Upper Kafue River Basin (Southern Africa). 
Water 9(4):242. https://​doi.​org/​10.​3390/​w9040​242

Maidment RI, Grimes D, Allan RP, Tarnavsky E, Stringer M, Hewison T, Roebeling 
R, Black E (2014) The 30 year TAMSAT African rainfall climatology and time 
series (TAR​CAT​) dataset. J Geophys Res 119(18):10619–10644. https://​doi.​
org/​10.​1002/​2014J​D0219​27

Masih I, Maskey S, Mussá FE, Trambauer P (2014) A review of droughts on the 
African continent: a geospatial and long-term perspective. Hydrol Earth 
Syst Sci 18(9):3635–3649. https://​doi.​org/​10.​5194/​hess-​18-​3635-​2014

McKee TB, Doesken NJ, Kleist J (1993) The relationship of drought frequency 
and duration to time scales. In Proceedings of the 8th Conference on 
Applied Climatology, Anaheim, CA, USA, 17–22 January 1993, Am Meteor 
Soc Boston, MA, USA, pp. 179–184

Mekonen AA, Berlie AB, Ferede MB (2020) Spatial and temporal drought 
incidence analysis in the north-eastern highlands of Ethiopia. Geoenviron 
Disasters. https://​doi.​org/​10.​1186/​s40677-​020-​0146-4

Meyer SJ, Hubbard KG, Wilhite DA (1993) A crop-specific drought index for 
corn: I. Model development and validation. Agron J 86:388–439

Ministry of Water Resources (1999) Water Sector Development Program 
(WSDP), Addis Ababa, Ethiopia

Mishra AK, Singh VP (2010) A review of drought concepts. J Hydrol 391(1–
2):202–216. https://​doi.​org/​10.​1016/j.​jhydr​ol.​2010.​07.​012

Mohammed Y, Yimer F, Tadesse M, Tesfaye K (2018) Meteorological drought 
assessment in north east highlands of Ethiopia. Int J Clim Chang Strateg 
Manag. https://​doi.​org/​10.​1108/​IJCCSM-​12-​2016-​0179

NMA (National Meteorological Agency of Ethiopia) (1996) Climatic & agro-
climatic resources of Ethiopia. Meteorological Research Report Series, 1, 
No. 1, Addis Ababa

Palmer WC (1968) Keeping track of crop moisture conditions, nationwide: the 
new crop moisture index. Weatherwise 21:156–161. https://​doi.​org/​10.​
1080/​00431​672.​1968.​99328​14

Paredes-Trejo FJ, Barbosa HA, Kuma TL (2017) Validating CHIRPS-based satellite 
precipitation estimates in Northeast Brazil. J Arid Environ 139:26–40. 
https://​doi.​org/​10.​1016/j.​jarid​env.​2016.​12.​009

Park JH, Kim KB, Chang HY (2014) Statistical Properties of Effective Drought 
Index (EDI) for Seoul, Busan, Daegu, Mokpo in South Korea. Asia-Pac J 
Atmos Sci 50(4):453–458. https://​doi.​org/​10.​1007/​s13143-​014-​0035-4

Romilly TG, Gebremichael M (2011) Evaluation of satellite rainfall estimates 
over Ethiopian River Basins. Hydrol Earth Syst Sci 15(5):1505–1514. 
https://​doi.​org/​10.​5194/​hess-​15-​1505-​2011

Seleshi Y, Zanke UE (2004) Recent changes in rainfall and rainy days in Ethiopia. 
Int J Climatol 24(8):973–983. https://​doi.​org/​10.​1002/​joc.​1052

Senamaw A, Addisu S, Suryabhagavan KV (2021) Mapping the spatial and 
temporal variation of agricultural and meteorological drought using 
geospatial techniques, Ethiopia. Environ Syst Res 10:15. https://​doi.​org/​
10.​1186/​s40068-​020-​00204-2

Shafer BA, Dezman L, E (1982) Development of a Surface Water Supply Index 
(SWSI) to assess the severity of drought conditions in Snowpack runoff 
areas. In: Preprints, Western Snow Conf., Reno, NV, Colorado State Univer-
sity, pp. 164–175

Singh S (2003) Drought and its management in India, short term course on 
drought analysis and management, IIT, Roorkee, SS, pp.1–15

Suryabhagavan KV (2017) GIS-based climate variability and drought charac-
terization in Ethiopia over three decades. Weather Clim Ext 15:11–23. 
https://​doi.​org/​10.​1016/j.​wace.​2016.​11.​005

Svoboda M, Fuchs BA (2016) Handbook of Drought Indicators and Indices, 
World Meteorological Organization (WMO) and Global Water Partnership 
(GWP), Integrated Drought Management Programme (IDMP), Integrated 
Drought Management Tools and Guidelines Series 2. Geneva

Tote C, Patricio D, Boogaard H, Van der Wijingaart R, Tarnavsky E, Funk C (2015) 
Evaluation of satellite rainfall estimates for drought and flood monitoring 
in Mozambique. Rem Sens 7(2):1758–1776. https://​doi.​org/​10.​3390/​rs702​
01758

Trenberth KE, Dai A, Van Der Schrier G, Jones PD, Barichivich J, Briffa KR, Shef-
field J (2014) Global warming and changes in drought. Nat Clim Change 
4:17–22. https://​doi.​org/​10.​1038/​NCLIM​ATE20​67

Upadhyaya S, Ramsankaran R (2016) Modified-INSAT multi-spectral rainfall 
algorithm (M-IMSRA) at climate region scale: development and valida-
tion. Remote Sens Environ 187:186–201. https://​doi.​org/​10.​1016/j.​rse.​
2016.​10.​013

Van Rooy MP (1965) A rainfall anomaly index independent of time and space. 
Notos 14:43–48

Viste E, Korecha D, Sorteberg A (2013) Recent drought and precipitation 
tendencies in Ethiopia. Theor Appl Climatol 112:535–551. https://​doi.​org/​
10.​1007/​s00704-​012-​0746-3

Wayne CP (1965) Meteorological drought. Weather Bureau Research Paper 45, 
U.S. Washington, D.C

Webb P, von Braun J, Yohannes Y (1992) Famine in Ethiopia: policy implications 
of coping failure at national and household levels. Research Reports, 92, 
International Food Policy Research Institute (IFPRI), Washington, D.C

Xu K, Yang D, Yang H, Li Z, Qin Y, Shen Y (2015) Spatio-temporal variation of 
drought in China during 1961–2012: a climatic perspective. J Hydrol 
526:253–264. https://​doi.​org/​10.​1016/j.​jhydr​ol.​2014.​09.​047

Yisehak B, Shiferaw H, Abrha H, Gebremedhin A, Hagos H, Adhana K (2021) 
Bezabh T (2021) Spatio-temporal characteristics of meteorological 
drought under changing climate in semi-arid region of northern Ethiopia. 
Environ Syst Res 10:21. https://​doi.​org/​10.​1186/​s40068-​021-​00226-4

Zeleke TT, Giorg F, Diro GT, Zaitchik BF (2017) Trend and periodicity of drought 
over Ethiopia. Int J Climatol 37(13):4733–4748. https://​doi.​org/​10.​1002/​
joc.​5122

Zhong R, Chena X, Lai C, Wang Z, Lian Y, Yu H, Wu X (2019) Drought monitoring 
utility of satellite-based precipitation products across mainland China. J 
Hydrol 568:343–359. https://​doi.​org/​10.​1016/j.​jhydr​ol.​2018.​10.​072

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://doi.org/10.3390/w9040242
https://doi.org/10.1002/2014JD021927
https://doi.org/10.1002/2014JD021927
https://doi.org/10.5194/hess-18-3635-2014
https://doi.org/10.1186/s40677-020-0146-4
https://doi.org/10.1016/j.jhydrol.2010.07.012
https://doi.org/10.1108/IJCCSM-12-2016-0179
https://doi.org/10.1080/00431672.1968.9932814
https://doi.org/10.1080/00431672.1968.9932814
https://doi.org/10.1016/j.jaridenv.2016.12.009
https://doi.org/10.1007/s13143-014-0035-4
https://doi.org/10.5194/hess-15-1505-2011
https://doi.org/10.1002/joc.1052
https://doi.org/10.1186/s40068-020-00204-2
https://doi.org/10.1186/s40068-020-00204-2
https://doi.org/10.1016/j.wace.2016.11.005
https://doi.org/10.3390/rs70201758
https://doi.org/10.3390/rs70201758
https://doi.org/10.1038/NCLIMATE2067
https://doi.org/10.1016/j.rse.2016.10.013
https://doi.org/10.1016/j.rse.2016.10.013
https://doi.org/10.1007/s00704-012-0746-3
https://doi.org/10.1007/s00704-012-0746-3
https://doi.org/10.1016/j.jhydrol.2014.09.047
https://doi.org/10.1186/s40068-021-00226-4
https://doi.org/10.1002/joc.5122
https://doi.org/10.1002/joc.5122
https://doi.org/10.1016/j.jhydrol.2018.10.072

	Meteorological drought monitoring across the main river basins of Ethiopia using satellite rainfall product
	Abstract 
	Background: 
	Result: 
	Conclusions: 

	Introduction
	Materials and methods
	Description of the study area
	Seasons, rainfall regimes and river basins of Ethiopia
	Data used
	Climate hazards group infrared precipitation with station data version 2 (CHIRPSv2)
	Historical drought records

	Methodology
	Effective Drought Index (EDI)
	Standardized Precipitation Index (SPI)

	Results and discussion
	EDI-based drought assessment
	EDI-based temporal pattern of drought
	EDI-based spatial pattern of drought

	SPI-based drought assessment
	Temporal pattern of SPI identified drought
	Spatial pattern of SPI identified drought
	Temporal trends of EDI and SPI identified drought


	Conclusions
	Acknowledgements
	References




